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1
SYSTEMS AND METHODS FOR
COMMUNICATING ROBOT INTENTIONS
TO HUMAN BEINGS

CROSS-REFERENCE TO RELATED
APPLICATION

This application is the 35 U.S.C. §371 national stage of,
and claims priority to and the benefit of, PCT application
PCT/US2012/065592, filed Nov. 16, 2012, which claims
priority to and the benefit of U.S. Provisional Application
No. 61/560,405, filed on Nov. 16, 2011, herein incorporated
by reference in its entirety.

BACKGROUND

When people who are not experts in robotics first encoun-
ter a robot they may be excited and curious but usually have
no idea what the robot can and will do. For example, when
a mobile robot moves around in a human living environ-
ment, people may act cautiously and nervously around it
mainly because they do not know what the robot will do next
and they feel the need to prepare themselves for its sudden
and unexpected movements. They may observe the robot
carefully and use their cognition systems to make sense of
its motions and predict its intentions. Unfortunately, there
typically is not a clear indication of the robot’s next move,
and the programming built into the robot is not observable
by people who cohabitate with it. The direction in which a
robot will turn is not obvious by looking at it, and it is
typically not possible to know if it will speed up or slow
down, or if it will stop or proceed to run over an object.
Without knowing what a robot will do next, humans cannot
act appropriately and collaboratively with the robot. If those
persons could know the intention of the robot and its next
move at all times, they would feel much more comfortable
and at ease around them.

Communication between humans and robots holds the
key to building a human-robot synergic relationship.
Humans can collaborate efficiently since they have the
ability to make judgments about the intentions of others as
they listen to others’ auditory expression and witness them
in action. Humans rely upon intention perception to under-
stand the current actions of others and predict their next
moves and decide what their own action should be in an
attempt to synchronize and influence the actions of others. In
the context of a mobile robot, a human not only must
understand the current motion of the robot but also must
perceive the robot’s intention in order to predict its next
move so as to actively collaborate with the robot and create
synergy.

One approach to enable such communication is to design
robots that can express themselves as humans do so that
humans can identify the robot’s intentions as they observe
them in action (as humans do with other humans). However,
it is unrealistic to require all the robots coexisting with
humans to have human-like appearance, kinematics, and
dynamics. A robot’s motion, by nature, is far different from
regular human motion. The motions humans consider to be
unnatural are rooted in the physical properties and configu-
rations of robots. A robot’s material, actuators, and sensors
are fundamentally different from humans, and yield rather
different patterns of acceleration, deceleration, and the like.
A robot is designed to amplify its strengths and efficiently
perform certain tasks. These differences provide robots with
abilities that humans do not have, such as super speed and
extreme precision. Moreover, human-like robotic manipu-
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lators do not always move as human arms because the
manipulators have different kinematics and ranges of
motion. For example, a typical robotic wrist has a large
rolling motion (close to 360 degrees) and the human wrist
can only roll between approximately 90 and 180 degrees.
Although limiting a robot’s wrist motion to make it more
human-like could help humans anticipate its movements, it
would also significantly reduce the robot’s capability and, at
least in part, defeat the purpose of utilizing a robot to
perform the task.

In view of the above discussion, it can be appreciated that
it would be desirable to have means for enabling humans to
better anticipate actions of a robot.

BRIEF DESCRIPTION OF THE DRAWINGS

The present disclosure may be better understood with
reference to the following figures. Matching reference
numerals designate corresponding parts throughout the fig-
ures, which are not necessarily drawn to scale.

FIG. 1 is a schematic drawing of an embodiment of a
mobile robot.

FIG. 2 is a block diagram of an embodiment of a
configuration for the robot of FIG. 1.

FIG. 3 is a block diagram that illustrates an embodiment
of systematic intention expression.

FIG. 4 is diagram of an embodiment of a finite-state
machine for a grasping task.

FIG. 5 is a diagram of example coordinate systems in
robot-centered spatial augmented reality (RCSAR) calibra-
tion.

FIG. 6 is a photograph of a prototype mobile robot that
incorporates RCSAR.

FIG. 7 is a diagram of an example probabilistic roadmap
(PRM) path planning result.

FIGS. 8A-8C are photographs illustrating long-term, mid-
term, and short-term intentions, respectively, that are pro-
jected onto the robot’s operating environment.

FIG. 9 is a photograph of an experiment environment
including three traffic cones.

FIG. 10 is a flow diagram of a first embodiment of a
method for communicating robot intentions.

FIG. 11 is a flow diagram of a second embodiment of a
method for communicating robot intentions.

FIG. 12 is a screen shot of an example map that can be
displayed or projected to convey a long-term intention.

FIG. 13 is a screen shot of an example arrow that can be
displayed or projected to convey a short-term intention.

FIG. 14 is a screen shot of an example pathway that can
be displayed or projected to convey a mid-term intention.

DETAILED DESCRIPTION

As described above, it would be desirable to have means
for enabling humans to better anticipate actions of a robot.
Disclosed herein are systems and methods for communicat-
ing robot intentions to human beings. More particularly,
described herein is a systematic approach to derive short-
term, mid-term, and long-term intentions from a robot’s task
state machine and express the intentions using robot-cen-
tered spatial augmented reality (RCSAR) so that the humans
and robots can perform tasks collaboratively and even form
a synergic relationship. Described in detail below is an
implementation of that approach utilized on a mobile robot.
The robot was evaluated in an experiment whose results
suggest that people can more accurately predict where a
robot is going in the short-term, mid-term, and long-term
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with the RCSAR intention expression. Those people were
more confident in their interpretations of the robot and liked
the robot significantly more because of its RCSAR intention
expression.

In the following disclosure, various specific embodiments
are described. It is to be understood that those embodiments
are example implementations of the disclosed inventions
and that alternative embodiments are possible. All such
embodiments are intended to fall within the scope of this
disclosure.

The best way for a human being to understand the
movements and discern the intentions of a robot is to have
the robot express its intentions explicitly. While there are
various ways for a robot to do this, the approach described
in this disclosure involves systematically deriving a robot’s
short-term, mid-term, and long-term intentions from its task
state machine and superimposing the intention information
on objects within the robot’s surrounding environment with
spatial augmented reality. Doing so clearly illustrates the
planed action of the robot and its strategies linked directly to
the objects and the environment, thereby enabling human
users to collaborate without holding or wearing any special
equipment.

FIG. 1 schematically illustrates a robot 10, in the form of
a mobile manipulator, within an environment that includes a
floor surface 12 and a table 14. As is shown in that figure,
the robot 10 generally comprises a body 16 that is supported
by a base 18 that is in turn supported by wheels 20 that
enable the robot to travel along the floor surface 12. The
robot 10 incorporates some human-like features, including
arms (manipulators) 22 and a head 24. Mounted to the robot
10 is a camera 26 that enables the robot 10 to view its
environment and a projector 28 that enables the robot to
project images onto objects within its environment that
convey the robot’s intentions. In the example illustrated in
FIG. 1, the camera 26 is mounted to the head 24 and the
projector 28 is mounted to the base 18. It is noted, however,
that alternative mounting locations are possible.

FIG. 2 illustrates an example configuration for the robot
10. As is shown in FIG. 2, the robot 10 comprises one or
more processing devices 30, memory 32, one or more
actuators 34, the camera 26, the projector 28, and a display
36, each of which is connected to a local interface 38.

The processing devices 30 can include a central process-
ing unit (CPU) as well as a three-dimensional (3D) graphics
processing unit (GPU), each of which being capable of
executing instructions stored within the memory 32. The
memory 32 includes any one of or a combination of volatile
memory elements (e.g., RAM) and nonvolatile memory
elements (e.g., hard disk, ROM, tape, etc.).

The actuators 34 comprise the components that are used
to drive motion of the robot 10 and can include one or more
controllers and/or motors that enable actuation of the wheels
20 and/or arms 22. The camera 26 and projector 28 are those
that were described above in relation to FIG. 1. The display
36 is an optional component that, like the projector 28, can
be used to convey the intentions of the robot 10.

The memory 32 (a non-transitory computer-readable
medium) stores programs (i.e., logic) including an operating
system 40 and an intention expression system 42. The
operating system 40 controls general operation of the robot
10 and therefore executes user commands to control actions
of the robot. In some embodiments, the operating system 40
can comprise a finite-state machine (FSM) that operates in
one of a finite number of states at a time and can change
from one state to another when initiated by a triggering
event. The intention expression system 42 is configured to
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4

communicate the robot’s intentions of carrying out those
commands and performing those actions to humans so that
they can anticipate the actions. As described in greater detail
below, the intention expression system 42 can in some
embodiments be used to cause the projector 28 to project
images onto objects in the environment to convey the
intention. In such cases, the intention expression system 42
further calibrates the camera 26 with the projector 28 to
ensure that the images are projected on the intended objects.
In other embodiments, the intention expression system 42
can be used to display images or animations on the display
36 to convey the intention.

The projection of images to convey robot intentions will
now be discussed in detail. To achieve such functionality, the
robot first derives a set of intentions from its programmed
tasks and its kinematic and dynamic models, and then
represents the intentions with a proper format for rending on
its environment. This intention expression approach is illus-
trated in the diagram of FIG. 3. As is shown in that diagram,
there are short-term, mid-term, and long-term intentions.
Short-term intentions are those that pertain to imminent
actions, such as actions that the robot will perform in the
next few seconds. Long-term intentions relate to overall
goals that the robot intends to achieve or overall tasks that
the robot intends to complete. Finally, mid-term intentions
are those that pertain to changes in state that occur as a result
of a triggering event that occurs while the robot is working
toward completing the overall task. Obviously, different
levels of intentions require the derivation of distinctive
information. The programmed task and the kinematic mod-
els can be used to derive both the mid-term and long-term
intentions. To derive a short-term intention, only the kine-
matic and dynamic models and the low-level controller are
needed.

If a robot is programmed or taught to carry out a task
presented with a finite-state machine, the software can be
implemented with unified modeling language (UML), which
is a standardized general-purpose modeling language in
object-oriented software engineering. FIG. 4 depicts one
simple finite-state machine that is used to represent a sim-
plified pick-and-place task. In this example, the robot has
five motion states: open gripper, approach, close gripper,
move, and return. The state machine provides the relation
between the different states. The long-term and mid-term
intention can be naturally derived from the finite-state
machine. The long-term intention is the strategy the robot
has decided to use and it represents this strategy expressed
in a series of states the robot will take to accomplish it. The
strategy is decided at the beginning of the task and subject
to change during task performance. The mid-term intention
is the next state the robot will transition to after a triggering
event. It represents the fine motion planning results the robot
has computed and will precisely follow. A mid-term inten-
tion does not change dynamically, but a new mid-term
intention can be generated when the robot changes its mind
when it detects a triggering event and transits to another
state.

For many robotic applications, robot motions are com-
puted in their configuration spaces and the states are repre-
sented in configuration spaces as well. Usually, the pose of
a robot can be described with a set of joint variables, and the
pose of the end-effector can be computed with forward
kinematics. Even though the joint variables are a convenient
representation for motion planning and robotic control, it is
often difficult to directly relate them to the physical world.
The joint variable would also not be intuitive to human
coworkers, since humans observe and interact with the robot
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and obstacles in the world’s space and not in the robot’s
configuration space. For intention expression, one is inter-
ested in not only the pose of the end-effector but also the
pose of all the robot’s links because, for safety reasons,
human coworkers need to be aware of the ongoing and
upcoming physical motion of the robot as well as the
end-effector. Therefore, the motion in the state machines can
be represented by the poses of all links instead of the joint
variables.

The short-term intention is the immediate next motion the
robot will take. It can be represented either in velocities or
the immediate next pose. For example, for a mobile robot,
the short-term intention could be the robot’s next heading
and velocity. In any robot motion planning algorithm, a next
motion is usually computed at the beginning of a state (or
even before that state) as a part of a defined motion trajec-
tory that is used to control the robot. Therefore, for any given
moment, the control input to the robot from the motion
planner is the short-term intention.

It is well accepted that for humans, the visual sense/
perceptual system is primary, followed by the auditory and,
subsequently, the tactile or haptic perception systems. These
systems enable humans to understand and interact with the
world around them. It is not surprising that these are the
systems used to signal and interpret intentions. Yet, there is
not always a “best” modality to handle communication of
intention because intention is often both task dependent and
conditioned upon the exchange of those involved. As such,
it is important for humans and robots to signal intentions via
the modalities (visual, auditory, tactile) inherent in the
existing system of communication.

Auditory expression is a good choice for communicating
simple intentions because it is intuitive and naturally-inter-
active with natural language conversations. However, loud
sounds may not be acceptable in a quiet environment such
as hospitals and museums. Furthermore, frequent announce-
ments can be disruptive or annoying, and it can be difficult
to convey intentions for complicated motion using auditory
expression. For some applications, visualizing the intention
is more intuitive because it is possible to express a far more
complex intention motion and even an abstract goal with a
visual display. A well-designed visualization may reduce
cognitive load and amplify human’s cognition ability. Com-
pared with an informationally-equivalent auditory textual or
description of an intention, a graphical animation may
enable human coworkers to avoid having to explicitly derive
the intention from auditory wording. With visual expression,
human coworkers can discern the robot’s intention with a
single glance. The focus of the intention expression with
visualization is to organize and render the intended motion
in such a way that it will be easily accessed and readily
comprehended.

In the one approach, digital content depicting the robot
intention motion can be superimposed on the real objects
and physical environment to generate a clear illustration of
robot motion. There are a number of technical challenges to
overcome to do this. Some of the challenges are in the nature
of spatial augmented reality (SAR), and other are unique to
robot SAR. As with existing SAR, the digital content should
align with the objects and environment with minimal error.
The content generation process is very challenging in that
both the robot and the environment may be dynamically
changing. The display surfaces are typically not flat nor do
they have ideal colors upon which to project, furthermore
the objects and environment often take any arbitrary shape.
The intention motion should be represented with a digital
content that is intuitive and easily perceived by the human.
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The short-term intended motion can be represented either
in velocities or the immediate next pose. For example, for a
mobile robot, the short-term intended motion could be its
next heading and velocity. At each time point, the robot’s
planned motion in next T seconds can be expressed. T is
decided on the human’s reflex times for different expression
modalities. As an example, T can be set to 3 seconds.
Different graphical expressions are proper for different kind
of robots and applications. For a mobile robot, for example,
the heading and velocity can be expressed with a directional
arrow. The scale of the velocity can be naturally represented
with the length of the arrow. To express the whole range of
the short-term intended motion in velocity and with the
limited display range of a SAR, a mapping is computed and
used to obtain the correct scales of the arrows to optimize the
range of the display. The potential motion range of the robot
is computed from the robot’s kinematic and dynamic mod-
els, while the display range of a SAR is computed from
projector-camera calibration and the projector’s extrinsic
parameters.

Long-term and mid-term intentions are represented
through goal poses, an intermediate key pose, or a sequence
of poses for animation. Ideally, the poses and the sequence
of poses should be rendered with correct overlay directly
upon the operated objects in the environment. For example,
consider a pick-and-place task. A mid-term intention is
represented with the planned grasping points and flashing
highlights can be rendered on the desired grasping points of
the objects to be picked up. For long-term intention, this
could be represented with the planned placing position
through rendering the object at that position.

Similar to regular SAR, to ensure the precise alignment of
the digital content with the real environment and objects, the
projector-camera pair should be calibrated and 3D informa-
tion of the environment and objects relative to the projector-
camera pair should be obtained as well. This process does
not demand any overhead as the robot computes the required
3D information for motion planning anyhow. In robot-
centered SAR, the robot is constantly moving in the envi-
ronment and the objects and the motion of the robot both
should therefore be tracked at all times.

As the 3D environment information is obtained relative to
the robot, the projector-camera pair for SAR is calibrated in
the robot coordinate system in terms of the extrinsic param-
eters, i.e., the positions and orientations of the projector and
the camera. Camera-projector calibration techniques such as
the Zhang method can be utilized. As suggested by the
coordinate systems shown in FIG. 5, a chessboard can be
placed in the environment in coordinate system O,, and the
projector and the camera can be calibrated related to the
chessboard to obtain a transformation matrix T, and T,,...
This is achieved by finding corners on an image of a
chessboard with known measurements. The detected corners
are then compared with their real world locations calculated
from the chessboard dimensions in order to solve for the
unknown parameters using triangulation. The transforma-
tion T,, from the robot coordinate system to the environment
coordinate system can be obtained with 3D sensors either on
the robot or a motion capture system fixed in the environ-
ment.

The intrinsic parameters of the projector and the camera
should also be calibrated. The projector model is simply the
inverse of camera calibration using this same model. One
can quickly contemplate and see that the projector can be
considered similar to a camera in that there is an image plane
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inside each device representing a real world plane on the
chessboard. The primary difference being that the light rays
travel in opposite directions.

A prototype robot was developed to test the above-
described intention expression approach. An autonomous
mobile system, which is shown in photograph of FIG. 6, was
constructed based on an Adept® MobileRobots Pioneer
3-DX differential drive robot. A particle filter-based simul-
taneous localization and mapping (SLAM) algorithm and
path planning algorithm were developed and integrated into
a robot operating system (ROS). The software ran on an
Acer® Iconia dual-touchscreen laptop equipped with a
Microsoft® Kinect for 3D perception. The mobile robot
could navigate completely autonomously with the Kinect
sensor data, and it also could be tele-operated through
wireless Internet. For intention expression, the system was
equipped with a speaker for auditory expression and an
Optoma MIL.300, WXGA with 300 Lumen (circled in FIG. 6)
for SAR. The projector was rigidly mounted on the frame
and pointed to the floor in order to render the robot’s
intention. The projector was calibrated with the assistance of
the Kinect in the manner described above.

For this mobile robot with two degrees of freedom,
intention derivation can be performed not only based on
motion and speed, but also based on observable robot tasks.
The most obviously observable tasks of the mobile robot are
navigation in free space, navigation around an obstacle, and
navigation to a goal position. These three tasks are classified
as the mobile robot’s short-term, mid-term, and long-term
intentions. For any given state of the mobile robot, the
robot’s position and the orientation and surrounding free
space/obstacles can be determined. Those parameters can be
used as inputs to the robot’s finite-state machine to deter-
mine the robot’s next state.

After defining a start and a goal position, the robot runs
a probabilistic roadmap (PRM) motion-planning algorithm
on the current map to generate a series of landmarks for the
robot to go through to reach the goal. The robot navigation
is designed with an UML state machine. FIG. 7 illustrates an
example of the motion planning state machine. The PRM
algorithm generates a path that goes through landmark L,
L;, Ly, Ly, and L, to reach the goal. Each state represents a
local path planner and a controller. The planner and con-
troller compute a trajectory for the robot to follow from the
previous landmark to the next and controls the robot
enabling it to follow the trajectory. During the execution of
each state, obstacle detection is concurrently performed to
detect obstacles that were not on the map. If there is an
unexpected obstacle, a collision avoidance handler is
executed to re-plan the path. FIG. 7 depicts one example
collision avoidance state.

As described above, the short-term intention is the head-
ing and velocity the robot will take in the next few (e.g., 3)
seconds. The intention is determined in the trajectory gen-
erator and controller. For the experimental system, that
intention was displayed at all time, except when either of the
other two intentions were expressed.

At a landmark (waypoint), including the start, the robot
illustrates the next state in the state machine as the mid-term
intention, which is usually the computed trajectory to reach
next waypoint. If an unexpected obstacle is detected at any
point of the navigation, it triggers a state transition and
jumps to the obstacle avoidance state. Then the next state is
the obstacle avoidance handler. In either situation, a local
path is generated as the current mid-term intentions. The
mid-term intention is displayed when there is a state tran-
sition.
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The long-term intention in the experimental system was
both the goal position and the global path the robot decides
to take as generated by the PRM algorithm. Both the goal
and the path are dynamic. So the long-term intention is
displayed whenever a new path is computed.

The described procedure for robot intention expression
has been developed and implemented as an independent
module (intention expression module), in the ROS. The
intention expression module provides an interface to the
main motion-planning module to obtain the robot’s mid-
term and long-term goals, as well as its next planned motion.
The module also communicates with the control module of
the ROS to control the hardware, which could include
speakers, projectors, and wireless transmitter for tactile wrist
bands, belts, or vests.

The projector and Kinect were each calibrated in the robot
coordinate system as described above. The Kinect obtains
the RGBD environment map at 30 frames per second (fps).
For navigation purpose, robot location and orientation is
represented in the environment coordinate system.

While some of the intention expression can be superim-
posed on the real environment using SAR, some cannot. As
the mobile space of a robot is generally much larger than the
valid projecting area of a projector, rendering the long-term
intention on the real environment is unfeasible much of the
time. A compromise is to project the developed environment
map onto the environment in alignment with that environ-
ment. An example of such a map 50 is shown in FIG. 8A,
which is one of several figures of FIG. 8 that illustrates
examples of short-term, mid-term, and long-term intention
expressions in the context of a robot travelling down a
hallway to reach a programmed destination. The map 50
comprises an image of the environment and the destination
for the robot in completing its programmed task. As is
shown in FIG. 8A, the map 50 has been projected onto the
floor in front of the robot. As is also apparent from that
figure, by aligning the map with the environment, a human
observer need not think about position and scale. This results
in less mental computation for those observers as compared
that which would be required in interpreting the same
information displayed on a monitor.

Since the projector can cover a large area, the mid-term
intention (intended trajectory) can be projected and super-
imposed on the real environment. The calibration results are
used to generate the correct image to be projected so the
trajectory is rendered at the correct locations on the envi-
ronment. With this spatial augmented display, the relation-
ship between the planned path and the real-world is obvious.
FIG. 8B illustrates an image 52 of an intended trajectory for
the robot, i.e., a mid-term intention. As is shown in that
figure, the image 52 comprises a curved line that identifies
a path that will enable the robot to avoid an obstruction in
the form of a traffic cone.

To express short-term intention, an arrow can be used to
indicate the heading of the robot for the next step, and the
length of the arrow can indicate velocity. The short-term
projection algorithm calculates the difference between the
robot’s current orientation and the robot’s next orientation,
as well as the time needed for this change of state. A few
seconds before the robot changes its orientation, the robot
can create an animation that rotates the 3D arrow and orients
it to the intended robot positioning. The robot orientation
and the arrow rotation are both calculated in real-world
space. FIG. 8C illustrates an image 54 of an arrow that
reveals the short-term intention of the robot.

Notably, all short-term, mid-term, and long-term inten-
tions are dependent upon the simultaneous localization and
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mapping (SLAM) algorithm. Knowing the robot’s current
position and orientation will improve the alignment, and
incorrect data may only confuse the observer.

An experiment was designed to examine how people
respond to a robot-centered SAR expressing short-term,
mid-term, and long-term intentions. It was hypothesized that
when a robot displayed these projections, people would be
able to more accurately identify where the robot is going
than when the robot did not display visual projections.
Whether or not projections would lead to increased confi-
dence on the part of the observer regarding the path the robot
would follow was examined. Further, the participants’ atti-
tude toward the robot was investigated and it was hypoth-
esized that viewing RCSAR provided by the robot would
result in the robot being seen in a more positive fashion.
Lastly, descriptive data was gathered regarding the areas of
improvement people wanted based upon interaction with the
robot.

Participants in the study ranged from elementary and
middle school students to middle-aged adults. Thirty-one
participants were in the robot-centered SAR group, and 24
participants were in the no robot-centered SAR group. The
robot and three marked cones were set up an experiment
room. The robot was programmed to travel along a path and
approach a first traffic cone (Cone 1), travel around it, and
ultimately reach either a second or third traffic cone (Cone
2 or Cone 3) as its final destination. A picture of the path and
the three cones are shown in FIG. 9.

Participants were given instructions to observe the robot
as it moved around the room and to answer each question of
a questionnaire only when the experimenter instructed them
to do so. The questionnaire comprised several two-part
questions, with the first part soliciting the participant’s
assessment of the robot’s intended movement and the sec-
ond part soliciting the participant’s confidence rating in their
assessment of the robot’s intended movement. Each ques-
tion on the questionnaire corresponded to a certain stage in
the experiment and action of the robot. For participants in
the projection group, the first question focused on the
stationary robot displaying a map and the planed path
projection of its long-term intention (as in FIG. 8A). The
robot then began moving along its programmed path. The
second question corresponded to a second stage where the
robot displayed an arrow projection of its short-term inten-
tion (as in FIG. 8C). A third question inquired about a third
stage in which the robot displayed a local path superimposed
on the environment to indicate its mid-term intention, i.e., to
approach and move around an obstacle, Cone 1.

A fourth question assessed the utility of the robot in
displaying the map projection again, however, this time the
robot was not stationary but en route to its final location,
Cone 3 (stage 4). The questions at each stage assessed both
where the participant thought the robot was going and how
confident the participant was in their interpretation. The
robot paused for 30 seconds at each stage, displaying the
image of its intention, as the participants recorded their
responses. For participants in the no RCSAR condition, all
actions of the robot were the same, however, the robot
paused for 30 seconds at each stage without displaying any
visual projections. The data gathered from this part of the
experiment enables one to address whether the robot-cen-
tered SAR have an effect on participants’ identification and
confidence of the robot’s movement.

The last two questions of the questionnaire asked the
participant to rate how much they liked the robot and to
report what they wanted to change about the robot. With
these data, the hypothesis that seeing projections from the
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robot lead to higher ratings of liking the robot can be tested.
Additionally, insight can be gained on aspects of the robot
that people pay attention to or care about during this
interaction with the robot.

It was hypothesized that participants who are provided
visual projections are more accurate in identifying where the
robot intended to go than participants who are not provided
this visual communication. Chi-square analyses reveal sig-
nificant differences between the projection versus no pro-
jection groups for each of the four conditions: long-term
movement intention when the robot is at the start of the path,
%2(2)=32.17, p<0.001; short-term movement intention,
%> (4)=24.59, p<0.001; mid-term movement intention, y>(1)
=8.15, p<0.01; and long-term movement intention at the end
of the path (close to its final destination), %*(2)=27.82,
p<0.001.

More specifically, in the group with RCSAR, 74% of
participants correctly identified the robot’s long term inten-
tion compared to 0% of participants in the group without
projections. Highty-seven percent of participants who saw
projections correctly identified “forward” as the robot’s
short term intention, while only 25% of participants did so
in the group without projections. For mid-term intention,
94% of participants provided projections correctly answered
“around the cone” compared to 63% of participants who
were not provided projections. Lastly, for long-term inten-
tion at the fourth stage, 87% of participants who saw
projections correctly identified the intended final destination
of the robot while participants who were not provided
projections answered “Cone 3” only 17% of the time.

These results support the hypothesis that group condition
and response are associated. People who see projections
from the robot are more able to correctly identity the robot’s
long-term, short-term, and mid-term movement intentions.
Additionally, the majority of participants were able to cor-
rectly identify Cone 3 as the robot’s long term intention at
both the first and fourth stages. This indicates that people are
able to interpret the map-like long-term intention projection
when the robot is at different distances from its intended
destination, either far or close.

Next, whether the projections affect participant’s confi-
dence in their assessments of where the robot was going was
assessed. Confidence ratings were obtained on a scale of 1
(not at all confident) to 7 (extremely confident). Results of
independent samples t-tests show a significant difference
between confidence ratings of the two groups when assess-
ing the robot’s long term intention at the start of its path,
1(52)=3.425, p=0.001; short term intention, t(53)=4.796,
p<0.001; mid-term intention, t(53)=4.541, p<0.001; and
long term intention at the end of its path, t(53)=5.032,
p<0.001.

It is clear that participants who are provided projections
are significantly more confident in their assessments of the
robot’s long-term, short-term, and mid-term intentions,
compared to participants who are not provided visual pro-
jections from the robot.

Pearson correlation was performed between participants’
total confidence rating and rating of the robot’s likeability.
The two variables are significantly correlated, r(53)=0.446,
p=0.001, suggesting that more confidence in assessing the
robot’s intentions is associated with having a more favorable
attitude toward the robot.

Next, an independent samples t-test was conducted to
compare mean ratings of robot likeability between the two
groups. Consistent with the hypothesis, results showed a
significant difference, t(53)=2.674, p=0.01 (mean for group
with projections=5.84, mean for group without projec-
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tions=4.58), such that participants who are provided projec-
tions view the robot in a more positive light than participants
who are not provided projections by the robot.

Finally, individuals were asked to respond to an open-
ended question about what they would like to see in a robot
communicating intentions of movement. Of the 24 partici-
pants who wanted to change the robot, the majority said
movement (e.g., “make it move faster”). Five participants
wanted to change the robot’s communication capability
(“more audio cues,” “not very conversational,” “project a
little better,” “it should talk”). Three participants wanted to
change the robot’s appearance (e.g., “its body structure”).
From these results, it is evident that the robot’s movement,
appearance, and communication are design factors that users
find important during interaction.

As described above, a systematic approach has been
developed to derive short-term, mid-term, and long-term
intentions from a robot’s task state machine and express
those intentions using robot-centered spatial augmented
reality (RCSAR). This approach enables humans and robots
to perform tasks collaboratively and even form a synergic
relationship. The new approach has been evaluated in an
experiment and the results suggest that people tend to be
more accurate in identifying where a robot is going in the
short-term, mid-term, and long-term if the robot presents
them with RCSAR.

It has been demonstrated that people are able to under-
stand the digital spatial augmented reality content rendering
around a moving robot by the robot and interpret them as the
robot’s intention. Furthermore, individuals are able to do
this without any prior training. This communication medium
also allows individuals to understand quickly, for example
within 30 seconds of seeing the projection. The results
provide support that designing robots with the ability to
communicate via RCSAR helps people identify and feel
more confident about the robot’s short-term, mid-term, and
long-term movements. Another benefit is this communica-
tion medium is that individuals have a more positive attitude
toward the robot. Additionally, people’s confidence is posi-
tively linked with liking the robot, i.e., the higher the
confidence, the higher the liking for the robot.

FIGS. 10 and 11 are flow diagrams that provide examples
of operation of a robot consistent with the above disclosure.
FIG. 10 considers a general case of a robot performing a
task, while FIG. 11 considers the specific example of a
mobile robot traveling to a programmed destination. Begin-
ning with FIG. 10, the robot receives a command to com-
plete a given task, as indicated in block 60. Once having
received the command, the robot determines the actions
required to complete the task, as indicated in block 62. In
some embodiments, this involves determining the different
states of its finite-state machine in which the robot must act
to complete the task. The nature of the task depends upon the
particular situation. Example tasks include the robot moving
to a particular location and the robot picking up an object.
In each case, the robot will be moving in some manner to
perform the task and it would be desirable for the robot to
communicate how it is going to be moving to human beings
within the operating environment.

Once the robot has determined the actions required to
perform the task, the robot visually communicates its long-
term intention, as indicated in block 64. The long-term
intention is indicative of the nature of the task that is to be
completed and can be conveyed in various ways. If the task
is moving to a particular location, the conveyed long-term
intention provides an indication that the robot will be
traveling to that location and how. In some embodiments,
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travel to a destination can be communicated using a map of
the environment in which the robot is operating. For
example, as described above, a map of the environment can
be projected onto the floor that includes an indication of the
path that the robot will traverse to reach the destination. If
the map is aligned with the environment so that features
depicted in the map (e.g., walls) are aligned with their
real-world counterparts, the map and the path are intuitive
and easy to interpret by a human being. In other embodi-
ments, the destination can be identified by projecting a
marker (e.g., a “x”) on the destination and the path to the
marker can be projected on the floor in an augmented reality
fashion so that human beings can see the actual path that the
robot will traverse.

If the task is picking up an object, the conveyed long-term
intention provides an indication as to the object that will be
picked up and how. For example, if the robot is to pick up
a box, the robot can project a marker onto the box to
generally indicate that the box is going to be picked up. In
addition or exception, the robot can project markers that
identify the precise points at which the robot will contact the
box when picking it up. In addition to identifying which
object will be picked up and how, marking the object
provides an indication to human beings in the operating
environment as to whether or not the robot will be successful
in completing the task. For example, if the markers are
projected onto an object other than that which is to be picked
up, the human being can infer that the robot is not properly
calibrated and will not find the object where it expects to find
it.

In cases in which the robot includes a display, the long-
term intention can be conveyed by displaying an animation
that depicts the robot performing the intended task. For
example, if the robot is to move an object from one location
to another, an animation showing an arm of the robot picking
up the object and moving it to a new location can be
displayed. Such an animation could be either projected onto
the environment or displayed on an onboard display if the
robot comprises one. The benefit of showing an animation is
that it enables the user to see the intended movements of the
robot in situations in which it may be difficult to do so from
a map or projected markers or pathways. For example, if the
robot projected a marker onto an object to be moved, that
marker would not communicate to a human being the range
of motion through which the robot’s arm will pass in moving
the object.

The long-term intention can be communicated for a
suitable period of time (e.g., a few seconds) before the robot
begins to perform the task. Once that time has passed, the
robot can begin visually communicating its short-term inten-
tion, as indicated in block 66, which relates to the move-
ments it will make in the immediate future. In cases in which
the task is the robot traveling to a destination, the short-term
intention can be visually communicated by projecting an
arrow that provides an indication of the direction in and
speed at which the robot will travel. As described above, the
direction in which the arrow points will be the direction of
travel for the robot and the size (length or thickness) of the
arrow provides an indication of the speed. If the task is
picking up or moving an object, the short-term intention can
be visually communicated by displaying an animation
depicting the movement of the robot in the short term.

Once the short-term intention has been visually commu-
nicated, the robot can perform the actions that are necessary
to complete the task, as indicated in block 68. These actions
include movements that are necessary to complete the task,
whether they be movement of the robot toward the destina-
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tion, movement of its arm toward an object, or some other
movement. As is further indicated in block 68, the robot
continually updates the short-term intention that is visually
communicated as the movements are performed to provide
ongoing indications as to the manner in which the robot will
move next in the short term.

Flow from this point depends upon whether or not the task
has been completed, as indicated in decision block 70. If the
task has been completed, flow for the session is terminated
and a new task can be performed. If not, flow depends upon
whether a change in state is about to occur, as indicated in
block 72. If not, flow returns to block 68 and the robot
continues to perform the actions needed to complete the task
and continues to update the short-term intention communi-
cation. If a change in state is going to occur, it can be
because of any one of a number of triggering events. For
example, if the task is for the robot to travel to a destination,
a change of state will occur if the robot encounters an
obstacle along its planned path. In such a case, the robot can
enter a collision avoidance state to avoid collision and
circumvent the obstacle. If the task is for the robot to pick
up or move an object, the change of state can be the result
of the robot completing one type of movement and having
to perform a new type of movement. For example, as
indicated in FIG. 4, the finite-state machine may include
different states for opening a gripper of the robot’s arm,
approaching an object, closing the gripper on the object, and
moving the object.

If a change in state is going to occur, flow continues to
block 74 at which a mid-term intention associated with the
state change is visually communicated. If the change of state
was brought about by an obstacle encountered by the robot
while traveling to a destination, the robot can, for example,
project onto the floor an image of the path that the robot will
take to circumvent the obstacle. If the change of state was
brought about by the robot’s arm reaching the point at which
it can grasp an object, the robot can display an animation of
the robot closing its gripper on the object. Irrespective of the
visual communication that is provided, the robot can then
complete the actions required by the new state, as indicated
in block 76, and flow again returns to block 68.

Flow continues in the manner described above with the
robot visually communicating its short-term intention and
further communicating its mid-term intention when changes
of state are required until the task is ultimately completed.

FIG. 11 considers the specific case of a robot traveling to
a destination and projecting visual cues as to its movement
on the operating environment. Beginning with block 80, the
robot receives a command to travel to a particular destina-
tion. The robot then determines the movements that are
required to reach that destination, as indicated in block 82.
Next, the robot projects onto the floor a map of the envi-
ronment that includes an indication of the path that the robot
will traverse to reach the destination, as indicated in block
84. A screen shot of an example map that can be projected
is shown in FIG. 12.

After the map has been projected for a few seconds, the
robot can project onto the floor an arrow that provides an
indication of the direction in which and speed at which the
robot will travel in the short term, as indicated in block 86.
A screen shot of an example arrow that can be projected is
shown in FIG. 13. The robot can move in the direction of the
arrow at a speed related to its size, as indicated in block 88.
Flow from this point depends upon whether or not the
destination has been reached, as indicated in decision block
90. If so, flow for the session is terminated. If not, flow can
depend upon whether an obstacle has been encountered, as
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indicated in block 92. If not, flow returns to blocks 86 and
88, and the robot continues to project an arrow and move in
the direction of the arrow. If an obstacle is encountered,
however, the robot enters the collision avoidance state and
the robot determines the movements required to circumvent
the obstacle, as indicated in block 94. The robot then
projects onto the floor a line that indicates the path that the
robot will travel to avoid the obstacle, as indicated in block
96, and travels along the path to pass the obstacle, as
indicated in block 98. A screen shot of an example path that
can be projected is shown in FIG. 14.

After the obstacle has been circumvented, flow returns to
blocks 86 and 88, and the robot continues to project the
arrows and move in the direction of the arrows until either
a further obstacle is encountered or the destination is
reached.

With robot intention expression described above, human
beings can predict what the robot intends to do. The human
beings can therefore act upon the robot’s future motion
before it happens. This provides three possibilities, includ-
ing human intervention, predictive collaboration, and
expression perception feedback.

If the human being observes an intention expression by
the robot that will likely lead to failure or damage, the
human being will want to stop or pause the robot before the
failure or the damage materializes. After stopping or pausing
the robot, it is also possible to adjust the intention by directly
interacting with the expressed intention. For a roboticist or
a trained operator, it is normal to provide instructions of the
next motion or goal pose with a computer, a joystick, or a
tele-operating device. However, for those without robot-
specific training or experience, those interfaces are not
necessarily easy to use. In some embodiments, voice rec-
ognition software can be used to provide a simple and
intuitive interface to interact with the robot’s intention. The
voice recognition software can be used to get the robot to
respond to “stop” and “pause” commands. Simple voice
recognition software is sufficient to reliably interpret and
implement a limited instruction set from human beings.

In other embodiments, human beings can interact with the
robot using a wireless remote controller that, for example,
has “stop” and/or “pause” buttons that enable the human
being to quickly stop the robot if desired. In some embodi-
ments, the wireless remote controller can be implemented as
a tactile vest or belt that is worn by the human being. The
human being can select a factor mapped to the desired pose
or motion to activate with the control buttons. In some
embodiments, a finger-tracking-based intention interaction
system can be used that will enable the human being to
select the animated robot in display and move the robot’s
links to a desired goal pose.

The intention expression enables the human being to act
collaboratively since the human being can always predict the
robot’s next move. For many tasks, instead of adjusting the
robot motion, the human being can adjust an object’s
position to the robot’s intended position to have the task
carried without any interruption, even if the intended motion
will miss the object originally. The disclosed intention
expression framework can be integrated with fruitful human
intention estimation approaches to form a full intention
circle that will enable humans and robots to collaborate
synergistically.

For a robot in field, feedback from the human being along
with failure rate data can provide valuable information for
the robot to dynamically adjust its preference on the expres-
sion modalities. If the robot fail tasks and there is no
feedback from the human being, obviously, the human being
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does not perceive the intention well, and the robot can rotate
representation weights and the expression weights in its
intention expression graph to assign the current expression
to the lowest weight and form a new expression pipeline to
try other ways of expression. The intention expression graph
can then be adapted to new tasks and new group of human
beings using the dynamic updating mechanism.

The invention claimed is:

1. A method for communicating robot intentions to human
beings, the method comprising:

determining movements that a robot will make to com-

plete a task;

visually communicating a long-term intention of the robot

that provides an indication of the movements the robot
will make in completing the task; and

visually communicating a short-term intention of the

robot that provides an indication of a movement of the
robot will make in the immediate future in working
toward completing the task, wherein visually commu-
nicating a short-term intention of the robot comprises
superimposing an image onto an environment in which
the robot operates that provides an indication of a
movement the robot is about to make and at what
speed.

2. The method of claim 1, further comprising deriving the
long-term and the short-term intentions from a state machine
of the robot.

3. The method of claim 1, wherein visually communicat-
ing a long-term intention of the robot comprises superim-
posing an image onto an environment in which the robot
operates that provides an indication of a destination for the
robot and a path the robot will take to reach the destination.

4. The method of claim 3, wherein superimposing an
image comprises projecting onto the environment a map of
the environment that includes an indication of the destina-
tion and the path.

5. The method of claim 4, wherein environmental features
depicted in the map are aligned with the environmental
features’ real-world counterparts.

6. The method of claim 3, wherein superimposing an
image comprises projecting a marker on the destination and
projecting a path on the floor or ground that identifies the
actual path the robot will traverse to reach the destination.

7. The method of claim 1, wherein visually communicat-
ing a long-term intention of the robot comprises displaying
an animation that depicts the robot performing the task.

8. The method of claim 1, wherein visually communicat-
ing a short-term intention of the robot comprises superim-
posing an image onto an environment in which the robot
operates that provides an indication of the direction in which
the robot is about to travel and at what speed.

9. The method of claim 8, wherein superimposing an
image comprises projecting an arrow onto the floor or
ground, the arrow’s direction identifying the direction in
which the robot will travel and the arrow’s size identifying
the speed at which the robot will travel.

10. The method of claim 1, further comprising continually
updating the visually-communicated short-term intention of
the robot as the robot moves.

11. The method of claim 1, further comprising visually
communicating a mid-term intention of the robot when a
trigger event occurs that requires a change of state for the
robot to a new state, the visually-communicated mid-term
intention providing an indication of a manner in which the
robot will move in the new state.

12. The method of claim 11, wherein the new state is a
collision avoidance state that is entered when the robot
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encounters an obstacle and wherein visually communicating
a mid-term intention comprises superimposing an image
onto the floor or ground that provides an indication of a path
the robot will traverse to avoid the obstacle.

13. An non-transitory computer-readable medium that
stores an intention of the robot expression system for a
robot, the system comprising:

logic configured to visually communicate a long-term

intention of the robot that provides an indication of the
movements the robot will make in completing the task;
and

logic configured to visually communicate a short-term

intention of the robot that provides an indication of a
movement of the robot will make in the immediate
future in working toward completing the task, wherein
the logic configured to visually communicate a short-
term intention of the robot comprises logic configured
to superimpose an image onto an environment in which
the robot operates that provides an indication of a
movement the robot is about to make and at what
speed.

14. The computer-readable medium of claim 13, wherein
the logic configured to visually communicate a long-term
intention of the robot comprises logic configured to super-
impose an image onto an environment in which the robot
operates that provides an indication of a destination for the
robot and a path the robot will take to reach the destination.

15. The computer-readable medium of claim 14, wherein
the image is a map of the environment that includes an
indication of the destination and the path and wherein
environmental features depicted in the map are aligned with
the environmental features’ real-world counterparts.

16. The computer-readable medium of claim 14, wherein
the logic configured to superimpose an image comprises
logic configured to project a marker on the destination and
to project a path on the floor or ground that identifies the
actual path the robot will traverse to reach the destination.

17. The computer-readable medium of claim 13, wherein
the logic configured to visually communicate a short-term
intention of the robot comprises logic configured to super-
impose an image onto an environment in which the robot
operates that provides an indication of the direction in which
the robot is about to travel and at what speed.

18. The computer-readable medium of claim 17, wherein
the image includes an arrow, the arrow’s direction identify-
ing the direction in which the robot will travel and whose
size identifying the speed at which the robot will travel.

19. The computer-readable medium of claim 13, wherein
the logic configured to visually communicate a short-term
intention of the robot is configured to continually update the
visually-communicated short-term intention of the robot as
the robot moves.

20. The computer-readable medium of claim 13, further
comprising logic configured to visually communicate a
mid-term intention of the robot when a trigger event occurs
that requires a change of state for the robot to a new state,
the visually-communicated mid-term intention providing an
indication of a manner in which the robot will move in the
new state.

21. The computer-readable medium of claim 20, wherein
the new state is a collision avoidance state that is entered
when the robot encounters an obstacle and wherein the logic
configured to visually communicate a mid-term intention
comprises logic configured to superimpose an image onto
the floor or ground that provides an indication of a path the
robot will traverse to avoid the obstacle.
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22. Arobot that is configured to visually communicate the
robot’s intentions, the robot comprising:

a processing device;

one or more actuators; and

memory that stores an intention expression system that is

configured to visually communicate a long-term inten-
tion of the robot that provides an indication of the
movements the robot will make in completing the task,
and to visually communicate a short-term intention of
the robot that provides an indication of a movement of
the robot will make within the next few seconds in
working toward completing the task, wherein visually
communicating a short-term intention of the robot
comprises superimposing an image onto an environ-
ment in which the robot operates that provides an
indication of a movement the robot is about to make
and at what speed.

23. The robot of claim 22, wherein the robot further
includes a projector and wherein the intention expression
system is configured to visually communicate the long-term
and short-term intentions using the projector.

24. The robot of claim 22, wherein the intention expres-
sion system visually communicates a long-term intention of
the robot by superimposing an image onto an environment
in which the robot operates that provides an indication of a
destination for the robot and a path the robot will take to
reach the destination.

25. The robot of claim 24, wherein the image comprises
a map of the environment that includes an indication of the
destination and the path and wherein environmental features
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depicted in the map are aligned with the environmental
features’ real-world counterparts.

26. The robot of claim 24, wherein the image comprises
a marker projected on the destination and a path projected
onto the floor or ground that identifies the actual path the
robot will traverse to reach the destination.

27. The robot of claim 23, wherein the intention expres-
sion system visually communicates a short-term intention of
the robot by superimposing an arrow onto the floor or
ground, the arrow’s direction identifying the direction in
which the robot will travel and the arrow’s size identifying
the speed at which the robot will travel.

28. The robot of claim 22, wherein the intention expres-
sion system is configured to continually update the visually-
communicated short-term intention of the robot as the robot
moves.

29. The robot of claim 22, wherein the intention expres-
sion system is further configured to visually communicate a
mid-term intention of the robot when a trigger event occurs
that requires a change of state for the robot to a new state,
the visually-communicated mid-term intention providing an
indication of a manner in which the robot will move in the
new state.

30. The robot of claim 29, wherein the new state is a
collision avoidance state that is entered when the robot
encounters an obstacle and wherein the intention expression
system visually communicates the mid-term intention by
superimposing an image onto the floor or ground that
provides an indication of a path the robot will traverse to
avoid the obstacle.
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